Purpose -The purpose of this paper is threefold. First, the paper demonstrates how inter-ocular testing (looking at the data) of Schwartz values from world values study (WVS) provides a surprisingly different picture to what the authors would expect from traditional mean comparison testing (t-tests, analysis of variance (ANOVA)). Second, the authors suggest that the ReVaMB model can be applied to an East Asian philosophical perspective. Relativity, the authors argue, is a factor when East Asian wisdom, philosophies and ideologies (Confucianism, Taoism, Buddhism and Legalism) "drive" outcomes such as work ethic. Third, the paper serves as an editorial to a special issue in CCSM on East Asian wisdom and its impact on business culture and performance in a cross-cultural context. Common themes are Yin Yang, how different cultures deal with paradox, and Zhong Yong, with accompanying concerns of how to conceptualise and deal with balance of opposites. Design/methodology/approach -The authors adopted ten variables of the Schwartz values scales used in the WVS and subjected them to principle components analysis to reduce the number of variables. The authors found a two-factor solution: one relating to personal material success and adventure and excitement; another relating to success and personal recognition. The authors labelled these factors as Altruism and Hedonism. The analysis is based on an overall sample of 84,692 respondents in 60 countries. In addition to traditional statistical testing, the authors conduct inter-ocular testing. The authors also suggest that the ReVaMB model can be applied to East Asian wisdom. Findings -Three recommendations help to arrive at more accurate conclusions when comparing groups: the authors recommend to aspire to "consistent look and statistic". If the data distribution does not agree with the statistics, then the researcher should take a closer look. To avoid misinterpreting statistics and other analysis, the authors recommend inter-ocular testing, i.e. eyeballing data in a scientific fashion. The authors provide specific examples how to do that. The authors recommend to test for commonlanguage effect size (CLE), and also recommend a new rule of thumb, i.e. a split of 60/40 as minimum difference to make any generalisation; 70/30 is worth considering. The rule of thumb contributes to better differentiation between real and "not real" differences. Originality/value -The authors introduce two concepts: the "inter-ocular test", which simply means to "look at your data", and the Chinese word, 错觉 (Cuòjué) which roughly translates to "illusion", "wrong impression", or "misconception". This study argues against accepting simplistic averages for data analysis. The authors provide evidence that an inter-ocular test provides a more comprehensive picture of data when comparing groups rather than simply relying on traditional statistical mean comparison testing. The "word of caution" is to avoid premature conclusions on group comparisons with statistical testing alone.
Introduction
The purpose of this paper is threefold. First, we demonstrate how inter-ocular testing of Schwartz values from world values study (WVS) provides a surprisingly different picture to what we would expect from traditional mean comparison testing such as t-tests and ANOVA. As such our paper will later result in a "word of caution" for (often) premature conclusions about culture and ethnic groups being different -or not. Second, this paper also serves as an editorial to a special issue in CCSM on East Asian Wisdom and its impact on business culture and performance in a cross-cultural context. Third, we recommend theThis table is limited, obviously, religion and spiritualism could be added. And we have left out most other East Asian countries, and we could argue about inclusion of Rural and Urban China. But the point remains, each of these region/countries has arrived at its current state of culture and economic development through different histories and influences. And each is enjoying extraordinary success. The combinations of ingredients -maintenance and adaptation of traditional values, adoption and adaptation of Western and/or Modern technologies and systems -have produced rapid improvements in the welfare of citizens, and global influence.
East Asia has also seen dramatic economic progression and development. For example directly after Second World War all countries in the region were of a low-level development, but are now advanced economies with leading innovation in the car sector (including environmentally friendly cars), electronics and manufacturing industries, and more recently also in services (hospitality, transportation) and experiences (theme parks, beauty and plastic surgery; entertainment), Artificial Intelligence (AI), and the list goes on. East Asia has seen massive modernisation, but to what degree has that trend been coupled with westernisation? In sum, modernisation may have occurred with different degrees of westernisation for different countries, and within different countries (Tu, 2014) . For example, Taiwan is very traditional Chinese in many ways, preserving Confucian Chinese tradition at least at the level of Mainland China.
In education, Chinese Taiwan actually teaches Confucianism in schools as part of the curriculum, whereas on the Chinese Mainland, Confucianism is generally offered as an elective subject. Regardless, in China, Chinese Taiwan, Japan and Korea, the teaching style remained largely Confucian, i.e. with strict discipline, an emphasis on respect, and even more so on human betterment (Baumann and Krskova, 2016) . East Asia managed to massively modernise its school curriculum and infrastructure, yet maintaining a strong Confucian pedagogic approach, ultimately resulting in the world's strongest academic performance, at least according to PISA. In Asia, strict discipline in schools and a focus on academic performance in educational institutions have been found as determinants of work ethic, but not so in Western countries . Such a finding may be, to some extent at least, an outcome of students being viewed -and treated -as learners under Confucianism, in contrast to -more and more -as customers in the "West".
The Yin Yang thinking is a combination of three principles, i.e., holism, dynamism and duality (Fang, 2012; Li, 2016) . The Yin Yang thinking is "either-and" (Li, 2016) which embraces but also goes beyond the focused "average". Yin Yang is about the point and area; whereas "average" is only about the point. The Yin Yang thinking allows East Asia to embrace opposing approaches, such as a traditional yet very modern approach to management, education and running societies at large. While this is fascinating, it makes for a challenging task to measure, conceptualise and test East Asian philosophy and wisdom in a scholarly, empirical fashion (Fang et al., 2017 ; see also Pauluzzo, Guarda, De Pretto and Fang in this special issue). Li (2016) 
highlights the value of Yin Yang thinking as indigenous
Note: The more intense the shading, the greater the extent to which that particular trait is manifested in that country/region epistemological system from the East to understand different contexts. Straightforward either-or situations are best dealt with using Western-style absolute thinking, whereas paradoxical, either-and, situations require acceptance, even encouragement, of Eastern-style thought (Zhu et al., 2016) . In many ways what Western researchers consider new has been understood for centuries in East-Asia. For example, Chen (2016) discusses at length the similarities between Eastern, specifically Chinese, philosophy and Western competitive dynamics. He points out that co-opetition, a relatively new concept in Western managerial thought, is normal in Eastern classical literature. Contrasting Asia vis-à-vis the "West" on competitiveness, competitive attitude, willingness to serve and speed have been identified as drivers of workforce performance in Asia, contrary to Western countries where these three motivational drivers did not have strong explanatory power . In simple terms, "East and West" do seem to differ on a not insignificant number of dimensions in relation to motivation, thinking and performance, to name a few.
Yin Yang sees value in combined perspectives -harmony between conditions rather than conflict between opposing phenomena. Such an approach attempts to incorporate the whole rather than simplified abstractions of a phenomenon. At the risk of oversimplification, for example, Western attempts to measure and analyse aspects of culture have relied on simple averages for a cohort. We believe that is a serious mistake. Tsui (2016) "explains the two primary types of values relevant for science: epistemic -norms and standards to ensure good science -and social -criteria not relevant for discovering the truth of knowledge but may influence decisions related to science especially in evaluating the cost of wrongful conclusions from the research evidence". The focus only on averages is not only poor epistemology but risks dangerous conclusions when we make business decisions or government policy based on such crude measures. Implicit in Tsui's argument is a profoundly Confucian view of science -that it is important and valuable to understand the nature of the world, but the implications for society are equally as important. Under Confucian philosophy, it is a duty of each person to improve oneself and work for the betterment of those around one. Tsui reminds us of recent work by Birkinshaw et al. (2014) , who criticised the "scientistic" approaches of some research -the rituals and appearance of science that does little to produce new knowledge. Healey argues, "the bulk of management research subsists on analysing regularities in statistical surrogates and drawing inferences from self-reports that are often twice removed from the action. The benefits of close contact are many; not least insight, inspiration, curiosity and ecological validity" (Birkinshaw et al., 2014, p. 47) . Arguably, the same can be said for much of the cross-cultural research we have consulted. Ironically, some "closer contact" can be found in the usual statistical methods, by considering the range of our measures, rather than their averages, and the context in which those measures are made.
Countries are not their average

错觉 (Cuòjué)
For want of a better term, we introduce the Chinese word 错觉 (Cuòjué), which roughly translates to "illusion" or "wrong impression". We argue that, too often, we read arguments about culture or organisational behaviour based on averages of the individuals within those cohorts. The average of a group is not the group, and it certainly is not any individual in the group.
Modelling often is a simplistic replication of earlier work that may not consider the context of the problem, or without thinking about the meanings of scales and measures. For example, Baumann et al. (2011, p. 252) refer to Jarvis et al. (2003) , and observe that " […] some 96 per cent of SEM studies published in leading journals used reflective measures; while only 4 per cent used formative measures. Perhaps more alarmingly, they claim that 28 per cent of the reflective models should more correctly have used formative measures".
Leading international business journals, e.g. Cross Cultural and Strategic Management (CCSM) and the Journal of International Business Studies ( JIBS), now require testing, or at least discussion of, Common-Method variance (CMV ), in manuscript submissions; CMV being the spurious "variance that is attributable to the measurement method rather than to the constructs the measures are assumed to represent" (Yüksel, 2017, p. 377) . Researchers often face two challenges when collecting primary data: First, collect one set of survey data, but then face the problem that CMV could be present (e.g. "inflated" or "deflated" responses/values in cross-cultural research). That would require subsequent testing for possible CMV effects, principally applying three different techniques: harman single factor, common latent factor, and common marker variable (see, e.g. Eichhorn, 2014; Williams and Anderson, 1994; Williams et al., 2010) . Second and alternatively, in order to avoid CMV by research design, independent/moderating/mediating variables would ideally be separately and independently measured from dependent variables; see, e.g. Baumann and Harvey (2018) . Hofstede (2015, p. 556) notes that the use of agent-based models pioneered by Schelling (1971) and Sakoda (1971) "has led to the fields of computational social science, artificial economics and social simulation, fields that investigate the links between micro-level behaviour of agents -often individuals -and resulting macro-level patterns. Culture is such a pattern, and could thus be studied using these techniques". In other words, Hofstede' son, Gert Jan, has consciously stepped away from defining culture as simply the aggregation of individual-level responses to questions, as sometimes implied by his father, Geert Hofstede (1980) , and too often taken as a reified truth by some scholars. Instead, we should look at culture as patterns of behaviour that emerge in a non-linear and non-aggregate way from individual values and behaviours, in an interactive social environment.
Confusion about level of measurement and the effects of average scores is often subtle and pervasive. Applying the average of the group to the individuals in the group is known as the Ecological Fallacy (McSweeney, 2002 (McSweeney, , 2013 Winzar, 2015) . Misunderstanding of the Ecological Fallacy has led to some creative analyses. For example, Andreassi et al. (2014, p. 70) acknowledge in their Limitations section that "culture even at a national level is an aggregate measure of individual values and is not generalizable as the measure of each individual's perception of these cultural dimensions". This statement was made after the researchers had applied averages to the individuals. In another example, Song et al. (2017) mixed different units of measurement by combining national-level constructs with individual-level evaluations. Individuals were questioned about a national-level construct, then averaged across all individuals, and then applied back to individuals. This was a rather "tricky" analysis that risked both the ecological fallacy and the atomistic fallacy, inferring the behaviour of a whole group based on the behaviour of a few individuals (Lieberson, 1991) . To further explain this point, we use WVS as an example in the following section.
3. Re-evaluating the WVS Ten variables designed to capture aspects of the Schwartz values scales were used in the WVS Wave 6 (WVS, 2016) (variables V71:V79). We subjected them to principle components with varimax rotation to reduce the number of variables to a more manageable number and to remove correlation among constructs. After removing those with communalities of less than 0.40, and ensuring that the solution was consistent across all countries, we found the two-factor solution in Table II . We can see that four variables load highly on Factor no. 1, each relating to such values as helping other people in the community, environmental concerns, tradition and behaving with propriety. Two variables loaded highly on Factor no. 2, relating to personal material success and adventure and excitement. Another variable, relating to success and personal recognition, loaded almost equally on both factors. A three-factor 214 CCSM 25,2 solution did not resolve this loading issue. We have labelled these factors, somewhat subjectively, as Altruism and Hedonism, respectively. We extracted then two orthogonal factors and applied them to all respondents in the WVS (2016) data set. This provided us with two uncorrelated variables with which to examine all respondents in the data set within each country and cultural grouping. The variables were standardised across all 84,692 respondents in 60 countries, so that scores for both Altruism and Hedonism have mean of zero and standard deviation of one. Thus, about 95 per cent of cases have scores ranging between −2 and +2, and 99.7 per cent of cases have scores in the range −3 to +3.
Data presentation and interpretation
Analysis of statistical data and comparison of groups in this journal and many others traditionally is dominated by null-hypothesis significance testing (NHST) -t-tests, ANOVA, etc. -with much concern for the p-value. A p-value is supposed to be an estimate of the probability of getting a given result when there is really no relationship or difference. We want to avoid type 1 error (hanging an innocent man). The p-value says nothing about type 2 error (releasing a guilty man). Additionally, the p-value is not a reliable test when there really is a difference between two groups (Cumming, 2012) . For some scholars it can be an obsession: p W 0.05 means failure; p o 0.05 means celebrate and submit for publication. The American Statistical Association has long campaigned against such naïve reliance on p-values, with some success (Wasserstein and Lazar, 2016) . A recent editorial in Journal of International Business Studies ( JIBS) (Meyer et al., 2017) , raised concerns about such reliance on p-values, and offered ten concrete guidelines for avoiding false positives (type 1 errors). We humbly offer one additional guideline: look at the data.
Our discussion here is prompted by recent reminders that researchers should look at their data, for example, the datasaurus, before undertaking formal data analysis (Matejka and Fitzmaurice, 2017) . Some years ago, the first and second authors' friend and mentor Professor Lester W. Johnson, coined the term "inter-ocular test" to encourage his students to always "eye-ball the data". We offer the following breakdown of the standard approach to aggregating survey data. We can avoid Cuòjué (self-deception, illusion and misunderstanding) by using the "inter-ocular test". When comparing survey results from two countries, we should first graph the data: see the extent that the data overlap or not, and consider comparative ranges and values.
Let us consider first the usual approach to cultural comparisons -averages, t-tests and ANOVA. Figure 1 presents the average scores on both Altruism and Hedonism across different national cultural groupings as suggested by Minkov (2011) . With Figure 1 we can construct a very plausible story that reinforces a colonial world view and much of what has passed as scholarship in Western literature. Those in the upper-right of the graph might be inferred as the "good" people: they enjoy life, and they want others to enjoy life also. And of course, at the other end of the graph are the "bad" people, those who do not enjoy life and do not care for you to either.
Moving on to Figure 2 , showing all countries in the WVS 6 data set, the story is not as clear, but we could probably make up a plausible story just the same. Average scores for all the Anglo and Western European countries are still in the upper-right corner, and we could argue that some Eastern European countries are more "developed", socially or economically, to justify their placement. Similarly, the same "good/bad" subtext can be inferred for most other countries. The analysis usually ends here. The reader is probably aware of several books and journal articles that present persuasive maps of country and cultural centroids such as Figures 1 and 2 where it is implicit that one country, or one cultural group, is "better" than another on some dimension. We are ignoring, of course, the underlying assumption in this and all similar studies, that all cultures interpret the questions the same way, and use the six-point response scales the same way. For now, let us consider the scale of all these means. The data are normalised, meaning that the mean among all (84,692) respondents is zero and standard deviation is one. This rescaling permits easy comparison across all individuals and groups using the same scales of measurement. Values across all 
Comparisons of country pairs
Historically, when comparing two or more groups, we test whether the means are different, using a t-test or ANOVA and the standard measure of difference is the p-value, which defines the level of statistical significance. Unfortunately, with large sample sizes, almost everything is "statistically significant". With large sample sizes, statistical significance is rarely meaningful. When William Sealy Gosset published what became the t-test, he had sample sizes of literally a handful in mind: his table of "significant" values represented samples of between four and ten only (Gosset, 1908) . Further, what Gosset called "significant" did not mean "important". He simply meant it to be a call to look closer. When samples are in the thousands, then miniscule differences in sample means appear to be "significant". If we want to determine how much one group is different from another then measures of effect size are more appropriate.
Effect size
Effect size can be seen "as a quantitative reflection of the magnitude of some phenomenon that is used for the purpose of addressing a question of interest" (Kelley and Preacher, 2012, p. 137) . When comparing groups, effect size is a measure of how strong is a difference. We offer three measures: the common-language effect size (CLE), Cohen's D, and η 2 :
(1) CLE: CLE is an intuitively simple statistic suggested by McGraw and Wong (1992) . CLE is a measure of the proportion of times one randomly-selected member of one group scores higher (or lower) than one randomly selected member of another group. For example, if we have ten men and ten women we can compare the heights of each man with each woman -100 paired comparisons. Of these we might find that 80 of those 100 comparisons resulted in the man being taller than the woman. So, the CLE is 0.8, or 80 per cent. CLE is robust against outliers and : η 2 is analogous to r 2 : the proportion of variance shared by two variables. In the case of two independent samples, it is the amount of variation in the data that can be attributed to the grouping variable. For example, if comparing two groups, if η 2 is 0.3, then 30 per cent of the variation in the variable of interest is accounted for by knowing the two groups.
With effect size in mind, it is worth reconsidering our historical perspectives on group differences based only on statistical means. Figure 6 presents summary information for different pairs of countries selected from the WVS 6 data set. We have presented a density plot graph for each country so that the reader can see the distribution of scores for both variables, Altruism and Hedonism. Within each graph we include the following statistics:
• t-test: a regular independent samples t-test of whether the two means are different from each other, plus degrees of freedom, and standard two-tailed "significance level" as measured by the p-value.
• η 2 ("quasi R 2 "), to show the proportion of variation explained by recognising that the data come from two different groups.
• Cohen's D, the number of standard deviations separating the two means.
• CLE, presented as the proportion of times that members of one group scored higher than members of the other group. In this case, we took each respondent for one country and compared it with each case in the other country. For example, comparing Taiwan with China, each of the 2453 Taiwanese respondents was compared with each one of the 2612 Chinese respondents -6,407,236 paired comparisons. p-value should be less than 0.05 to be called "significant") the decision should be based on the needs of the research and relative to other measures. We felt that a CLE split of 60/40 per cent was the minimum difference to make any generalisations about two countries. 70/30 per cent is worth talking about. With that crude rule of thumb, we can see that there are very few big differences across the country pairs. We have included several more country pairs for the reader to examine.
Examination of the different graphs in Figure 6 highlights some interesting cases where the data distributions match with the traditional statistical inference, the t-test. These are summarised in Table III . When frequency plots or density plots are consistent with the t-test, then we are satisfied. But when the appearance of density plots is not consistent with the t-test, then we risk falling into what we call the Cuòjué trap. We use a framework similar to types 1 and 2 errors. Type 1 error is a false positive, rejecting the null-hypothesis when the null is true, or simply "hanging the innocent man". Type 2 error is a false negative, accepting the null when it is really false, or simply "releasing the guilty man". We suggest two types of Cuòjué or confusion, illusion, misunderstanding when examining a p-value and comparing it with the data distributions under consideration. This applies to t-tests, ANOVA, and other traditional tests involving a p-value:
• Type 1 Cuòjué occurs when we calculate a statistically significant p-value, but the data distributions appear very similar. Type 1 Cuòjué occurs when we test relatively large samples, as we have in the WVS 6 data set. Type 1 Cuòjué means that, for example, while a traditional t-test may suggest that two means are different, for all practical purposes, there is no real difference in the two groups.
• Type 2 Cuòjué occurs when the data distributions look different, but the p-value suggests that they are not. Type 2 Cuòjué is common with small samples.
Our analysis leads us to make some broad conclusions that we hope our colleagues in international business, including cross-cultural researchers, might follow up on:
• Averages alone are rarely useful. The full range of values gives a much more nuanced understanding of the data.
• Looking at (and thinking about) the data helps.
• These considerations may undermine much of what has passed for scholarship in our area. This should be a concern for some researchers -accepting averages as representative of a whole country or cultural group is to fall victim of the ecological fallacy. It is a cause for more deep and thoughtful analysis.
The theoretical implications of this study contribute mainly to the debates on whether, and how, culture "drives" behaviour, within the context of specific situations, without discounting the very real probability of "alternative causal directions" (Baumann and Winzar, 2016, p. 21) . That is, modified behaviour of sufficient numbers of people may affect group culture over time. But our paper makes a stronger contribution to methodology, namely we provide strong evidence that simple means testing alone could indeed lead to faulty conclusions, for example that a significant difference is found, but in (1) Type 1 Cuòjué and type 2 Cuòjué: in our Table III we show patterns of "inter-ocular" test and "traditional" statistical inference. Naturally, our recommendation for researchers is to aspire "consistent look and statistic", and to avoid the two types of Cuòjué we have identified. Our table should prove useful to identify the "danger zones", and ultimately avoid them.
(2) Inter-ocular testing: to avoid the above types 1 and 2 Cuòjué, we recommend interocular testing in addition to traditional statistical testing, i.e. eyeballing the data in a scientific fashion. We provide specific examples in Figures 4 to 6 on how such interocular testing could be executed.
(3) Common-language effect (CLE) size: we recommend to test for CLE, and we further recommend a new rule of thumb, i.e. a split of 60/40 per cent as the minimum difference to make any generalisation about two countries (or cultural, ethnic or religious group; or gender; or any other categorisation); 70/30 per cent is worth considering. With our crude new rule of thumb, it is likely that a better differentiation between real and "not real" differences can be made.
In summary, we argue against accepting simplistic averages for data analysis. We provide empirical evidence that an inter-ocular test, looking at the data, provides a more comprehensive picture of data when comparing different countries, cultures or ethnic groups in contrast to simply relying on traditional statistical mean comparison testing (namely, t-tests, ANOVA). We offer a "word of caution" to avoid premature conclusions on group comparisons with statistical testing alone.
Papers in this special issue
This special issue draws on this renewed perspective on understanding individual differences, nuanced analysis and context affect our understanding of East Asian wisdom. We are proud to present the following contributions. Michael Minkov presents "A revision of Hofstede's model of national culture: Old evidence and new data from 56 countries". Much of the measurement used to define Hofstede's cultural dimensions have not changed since the original study in the 1970s: they are old and likely to be inapplicable today and in the future. Many measures could not be reproduced by more recent researchers. This study combines proprietary research with publicly-available data -the WVS 5 -to propose a shorter and more easily interpreted measurement system, with fewer dimensions. The paper argues that some of the original Hofstede dimensions such as uncertainty avoidance and the masculine/feminine aspect are "misleading artefacts", and proposes an in-depth revision of Hofstede's work, namely a reduction of dimensions.
Pauluzzo, Guarda, De Pretto and Fang, in their research paper, "Managing paradoxes, dilemmas, and change: a case study to apply the Yin Yang wisdom in Western organizational settings" offer a look at how cultural values and behaviour are managed in the organisations within Generali Group, which is one of the world's largest insurance companies. Based on the East Asian wisdom of Yin Yang balancing and cultural perspective, this study explores how the West (i.e. Organisations and individuals) can be more effective in managing cultural differences by applying East Asia's Yin Yang paradigm according to situation, context, location and time. The study demonstrates that integration and learning sourcing from opposite cultures leads organisations and individuals to manage and balance cultural paradoxes.
Hyun-Jung Lee and Carol Reade present "The role of Yin-Yang leadership and cosmopolitan followership in fostering employee commitment in China: a paradox perspective". Lee and Reade's paper looks at using a "paradox perspective", also with a Yin Yang lens, with inspirations from for example, the earlier research on Yin Yang thinking and organisation paradox e.g., Peter Li (2016) , Fang (2012) , Faure and Fang (2008) , Smith and Lewis (2011) . This study explores leadership-followership dynamics in foreign firms in China. Yin Yang leadership behaviour ( Japanese expatriates and Chinese employees) is tested for their roles in the formation of employee commitment. Yin Yang leadership and cosmopolitan followership "tango" together as cultural adaptability to build employee commitment, emphasising the interaction between leaders and followers.
Lin, P.P. Li and Roelfsema offer a valuable addition to the cross-cultural management literature with, "The traditional Chinese philosophies in inter-cultural leadership: The case of Chinese expatriate managers in the Dutch context". The paper highlights important subtleties that Western authors have neglected. Specifically, using in-depth interviews, the authors test three propositions regarding the ease with which Chinese managers working in the Netherlands integrate with the local culture and workforce as a function of their influence by Confucianism, Taoism and Legalism. "Chinese expatriates' leadership styles are simultaneously influenced by multiple traditional philosophies. This result is consistent with the theoretical argument that many Chinese, both historically and in modern times, tend to have a mix of multiple philosophical perspectives rather than being a believer in only a single philosophy". Much comparative management literature, naturally from the West, takes the perspective of a Western manager working in China, or some other Asian country. To see the perspectives of Chinese managers working in the West is refreshing.
Viengkham, Baumann and Winzar offer a first attempt at an empirical measurement of Confucian values applied to the work environment with "Confucianism: Measurement and Association with Workforce Performance". The paper recognises that values are a relative construct, applying at different levels in different circumstances. Viengkham and her colleagues reconsider the measurement of Confucianism, or Confucian values, and subsequently probe associations with workforce performance. Different "shades of Confucianism" in East Asia are categorised into Confucian Origin, Preservation, and Pragmatism. That multifaceted measurement of Confucianism is next linked to workplace performance, demonstrating that indeed Confucianism drives human performance. Xin Li's paper, "Zhong-Yong as dynamic balancing between Yin-Yang opposites" expands on a recent commentary by Li et al. (2017) on Peter Li's (2016) CCSM article titled "Global implications of the indigenous epistemological system from the East: How to apply Yin-Yang balancing to paradox management". Zhong-Yong is the Chinese term to capture the "dynamic balancing between Yin Yang opposites". Xin Li believes that Peter Li's "asymmetry" and "superiority" arguments may be "flawed", and instead offers an alternative understanding: Zhong-Yong is more sophisticated than the ratio-based one. Balance is more than defining a ratio of activities that deliver a simple average of competing perspectives: Balance is about selecting what is good, appropriate and feasible from competing options and discarding what is none of these, and then attempting to find a path to deliver as many as possible. Xin Li also draws a comparison between East and West, or how the "analysis plus synthesis" methodology would be like the Western "get the best of both worlds".
The overarching themes that emerge in this Special Issue are Yin Yang, with the ideas of how different cultures deal with paradox, and Zhong-Yong, with accompanying concerns of how to conceptualise and deal with balance of opposites. Two themes implicit in many of these papers is how we might make empirical measures of our constructs, and how the interaction of culture and behaviour is moderated by context.
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The ReVaMB model
We suggest an extension of Baumann and Winzar's (2017) ReVaMB model from a Confucian orientation to a broader East Asian philosophical perspective. Culture, at least in the short term, does indeed determine, or "drive", attitudes and behaviour, but this effect depends on circumstances, the environment; the broader context.
The model rests on three defensible assumptions:
(1) Personal values and culture drive behaviour, at least in the very short term.
(2) Different components of values and culture become activated, or take dominance in different circumstances. That is, context moderates the relationship between culture and behaviour.
(3) Absolute measures of values or culture are not meaningful -it is the relative value of these constructs that affect decision-making and behaviour. 
